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DON’T BE SO EMOTIONAL: HOW SOCIAL MEDIA
COMMUNICATION AFFECTS POTENTIAL
APPLICANTS’ ENGAGEMENT
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Moser, Kilian, Technical University Munich, Munich, Germany, moser@cdtm.de
Tumasjan, Andranik, Johannes Gutenberg-Universitat Mainz, Mainz, Germany
Cable, Dan, London Business School, London, UK

Abstract

Companies use social media (e.g., Twitter) to engage with potential applicants and build their reputa-
tion as attractive employers. To analyze how Twitter message content influences engagement with
these messages, we employ computational linguistics and analyze N=216,828 Tweets collected from
the human resource (HR) Twitter accounts of Fortune 500 companies. Our results show that, surpris-
ingly, job-focused content creates less engagement than content focusing on relational aspects at
work. We further demonstrate that distinct (vs. generic) content positively affects engagement, where-
as emotional content negatively affects engagement. These effects are conditioned on firms’ employer
image and not on job posting content. In contrast to prior research, our results suggest that less emo-
tional and more distinct (company-specific) communication is beneficial for increasing engagement.
We advance our understanding of the functioning of Twitter as an increasingly popular employer im-
age impression management platform and extend research on employer image management on the
Internet.

Keywords: Social Media, Employer Image, Engagement, Content Analysis.
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1 Introduction

In the last decade, employer communication has extended beyond the confines of traditional recruit-
ment channels (e.g., job ads, newspaper advertisements, corporate websites), providing firms with new
ways to position themselves as employers (e.g., Carpentier et al., 2017). Since social media communi-
cation on platforms like Twitter or Facebook play a major role in peoples’ daily life (Dabirian et al.
2017; Goh et al, 2013; Jeske and Shultz, 2016; McFarland and Ployhart, 2015; Zhang et al., 2011),
firms actively use social media for recruitment and to engage with their target audiences (Aggerholm
and Andersen, 2018; Felix et al., 2017; Jeske and Shultz, 2016; Zhang et al., 2011). By using social
media for recruitment, firms hope to reach out to a large number of potential applicants at lower costs,
and position themselves as attractive employers to their target groups (Chui et al. 2012; Pitt et al.
2018). Although some firms simply use social media to post links to their online job ads, many firms
are interested in going beyond job ads and improving their employer image (Landers and Schmidt,
2016; Lievens and Slaughter, 2016). In this article, we focus on how firms use Twitter to go beyond
mere job ads to shape their employer image and affect the reactions of their social media followers.
Taking general models of communication as a basis, (McQuail and Windahl, 1993; Petty and
Cacioppo, 1986), we draw on previous work (Chandler et al., 2005; Cheung and Thadani, 2012; Cober
et al., 2003; Kraichy and Chapman, 2014) to argue that firms may shape their employer image in so-
cial media through message content and style.

In terms of message content (i.e., the “what” of communication), firms may communicate purely
transactional, job-focused information (e.g., pay, job requirements, and skills) to provide potential ap-
plicants with in-depth information on the firm’s employment conditions. On the other hand, firms also
may choose to communicate relational, non-job-focused content (e.g., leisure activities, family bene-
fits, and general life advice) to connect to potential applicants’ identities and build relational and social
currency (Rousseau, 1990). If firms communicate job-focused content, such as job requirements and
salary, they provide valuable information which may be beneficial to potential applicants (e.g., “realis-
tic job preview”). However, by focusing on job-related content, firms will mainly emphasize the
transactional promises of their employment offering (Mai et al., 2016). Consequently, a firms’ social
media audience may view the employer-employee relationship as contractual and mainly “economic”
in nature (Ryan, 2012). Conceptually, a transactional approach may negatively influence firms’ em-
ployer images and reduce potential applicant engagement (Kahn, 1990; Mossholder et al., 2011). If
firms communicate relational, non-job-focused content, such as general life advice and employee sto-
ries, they may be perceived as caring about individuals’ personal needs and being interested in estab-
lishing a more relational connection with potential employees. This could improve an employer’s at-
tractiveness. Conversely, firms’ social media audience could see such relational content as irrelevant
to job-related information they seek, resulting in lower engagement.

Aside of message content, firms can try to persuade their social media audience through communica-
tion styles (the “how” of communication). When it comes to message style, research has demonstrated
that firms mainly follow two fundamental principles in persuasive communication to trigger audience
engagement: distinctiveness and emotionality (e.g., Keller, 2009; Kraichy & Chapman, 2014;
Thompson, Rindfleisch, & Arsel, 2006). Communicating in a distinctive, company-specific language
has a long tradition in the marketing literature and is essential in differentiating firms from their com-
petitors (e.g., Holt, 2004; Rossolatos, 2013). According to message styling literature (Kraichy and
Chapman, 2014), such style elements form the cognitive properties of messages. Similarly, emotional
tone has been widely heralded as vital for creating close firm-consumer bonds, and, ultimately, estab-
lishing firms’ competitive advantage in the market place (Thompson, Rindfleisch, & Arsel, 2006). An
emotional message style forms the affective properties of messages (Kraichy and Chapman, 2014).
Whereas the communication principles of distinctiveness and emotionality are well-established in
marketing research (e.g., Morrison & Crane, 2007; Rossolatos, 2013; Thompson et al., 2006) there is
little research regarding these principles in social media recruitment communication (but see Kraichy
and Chapman, 2014). Thus, we currently do not know whether, and to what extent, communicating
information in a distinctive, company-specific style will help engage potential applicants. Distinctive
messaging may provide firms with opportunities to differentiate themselves from their competitors
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(Keller et al., 2002), but may backfire if firms” social media followers perceive such communication
as illegitimate. Likewise, emotionality may increase engagement with a firm’s employment offering,
but could endanger a firm’s professionalism.

In summary, our research is motivated by the following question: How does firms’ recruitment-
related social media communication affect the engagement of their followers?

We focus our empirical investigation on social media accounts exclusively maintained by firms for
recruitment-related communication and consider followers of these accounts potential applicants. By
investigating employer image in the social media context, we respond to recent calls in the literature to
keep pace with these emerging trends (Collins and Kanar, 2013; Lievens and Slaughter, 2016;
McFarland and Ployhart, 2015) and to revisit how potential applicants process information in light of
social media (Risius and Beck, 2015; van Knippenberg et al., 2015). In addition to adding to theory,
we make an important methodological contribution by using computational linguistics methods to
identify themes in firms’ social media communication. Such approaches have been called for (George
et al., 2014; Leonardi and Vaast, 2017) since they allow us to examine entire populations of social
media postings, and identify which content resonates with potential applicants and increases their en-
gagement with a potential employer (Collins and Kanar, 2013; Turban and Cable, 2003).

2 Theory and hypotheses

Firms may use recruitment-related communication on social media to promote a favorable employer
image, or simply to increase the reach of their job postings. We focus on followers engagement with
firms’ employer image communication in social media, where engagement is defined as a positively-
valenced brand-related attitude or activity (Hollebeek et al. 2014; Malhotra et al. 2012, 2013). For ex-
ample, potential applicants might develop their image of a potential employer by following its social
media channel, and respond by sharing, liking, or commenting on the firm’s social media posts.

Recruitment-related communication in social media

|
! l

Social media recruitment approach Promoting firms‘ employer image Posting links to job ads
Message dimensions Information content (“What™) Information style (“How™)

Message characteristics Job-focused Non-job-focused Distinct Emotional

Theoretical foundation ! Transactional ! Relational Cognitive Affective

Figure 1: Conceptual model of study constructs

Note: Although in practice firms use social media to post links to job ads (i.e., merely linking to company job board), this
study focuses on understanding potential applicants’ engagement with firms’ employer image communication.

Figure 1 illustrates the conceptual model of our study, which we develop below. To understand how
firms may persuade potential applicants to engage with them on social media, we study the effects of
message content through the lens of psychological contract theory (Rousseau, 2001) and message style
(Kraichy and Chapman, 2014).

2.1 Employer image and social media engagement

In general, firms engage in recruitment activities to position themselves as employers with an attrac-
tive employer image (Lievens and Slaughter, 2016). Employer image refers to an individuals’ set of
beliefs about a relationship with an employing organization (e.g., Backhaus and Tikoo, 2004;
Edwards, 2010). Potential applicants start to develop beliefs about employers in the early stages of the
applicant attraction phase of recruitment (Backhaus and Tikoo, 2004; Barber 1998). In this phase, po-
tential applicants seek out information about firms’ employment offering and the potential employee-
employer relationship. In line with to psychological contract theory (Rousseau, 2001), a firms’ em-
ployer image is shaped not only by potential applicants’ beliefs about transactional, job-focused as-
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pects of their employee-employer relationship, but also by beliefs about relational, non-job-focused
such as leisure activities and friends (Geurts and Demerouti, 2003; Greenhaus and Powell, 2003; Ilies
et al., 2011). As such, recruitment information can influence perceptions of work and non-job aspects
of the employee-employer relationship and trigger different levels of potential applicants’ engagement.

Transactional vs. relational content. In some cases, the relationship between potential applicants and
an employer is based on information regarding expected tasks and required skills in exchange for pay,
rewards or other economic currency (Rousseau, 1990; Thompson & Bunderson, 2003). For recruit-
ment managers, it is traditional to inform potential applicants about the expected work tasks, required
skills, and the monetary compensation offered in return for the employees’ efforts. In fact, in many job
descriptions, such job-related information plays a central role (Nolan et al., 2013), suggesting that
many recruitment managers think that it is the best route for engaging with potential applicants.

If a firm’s recruitment activities focus entirely on transactional, job-related information (e.g., infor-
mation regarding remuneration and work tasks) its employer image could be perceived as purely “eco-
nomic” or “transactional” by potential applicants (Ryan, 2012). Conversely, a relational, non-job-
focused approach to recruitment communication, including information about employees’ non-work
interests, can signal an employment exchange that includes social bonds and personal connections in
the employment relationship (Lawler, Thye, & Yoon, 2009; Ryan, 2012; Thompson & Bunderson,
2003; Yu, 2014). Firms may signal a social bond with potential applicants if they communicate, for
example, personal stories about their employees (e.g., leisure activities) or highlight a family-like
company culture (e.g., employee friendships beyond work). As such, non-job-focused content ad-
dresses individuals’ desires for personal growth and self-expression (Rousseau, 2001; Thompson &
Bunderson, 2003), which should be attractive to potential applicants according to social identity theory
(Highhouse et al., 2007; Hogg and Terry, 2000). This argument also is consistent with the literature on
meaningful work (Chalofsky, 2003; Koloc, 2013; Lepisto and Pratt, 2017), which suggests that em-
ployers create higher employee engagement if they do not only talk about work itself, but also include
personal elements of the employment relationship. Accordingly, we predict:

Hyp. la: Transactional employer image content is negatively associated with social media engage-
ment.

Hyp. 1b: Relational employer image content is positively associated with social media engagement.
2.2 Message style and social media engagement

The communication style of a message is more subtle than the content, offering indirect cues about the
credibility, likability, and professionalism of an employer. Aside of communicating relevant employer
image content, using an appropriate message style can help firms to better engage with potential appli-
cants. Past research on message style tailoring has distinguished cognitive and affective message styles
(Kraichy and Chapman, 2014). Accordingly, messages that follow a company-specific, distinctive
communication style appeal to individuals’ thought-based (i.e., cognitive) information processing
style. In contrast, messages with an emotional communication style appeal to individuals’ feeling-
based (i.e., affective) information processing style (Kraichy and Chapman, 2014). Research suggests
that employer image communications are likely to work best when they reflect a distinctive and emo-
tionally-appealing style (Gardner et al., 2011; Uggerslev et al., 2012). For example, in the context of
social media platforms, McFarland and Ployhart (2015) emphasized that to create engagement, firms
need to offer content in a distinct and novel style. They argue that social media messages with a dis-
tinct and firm-specific style lead to a “broader and more consistent exposure to the firm and its peo-
ple” (McFarland and Ployhart, 2015, p. 1665) and, thereby, create higher engagement among the
firm’s social media audience. Furthermore, Hyvarinen and Beck (2019), McFarland and Ployhart
(2015), and Stieglitz and Dang-Xuan (2013) described how emotional tone helps predict audience en-
gagement with social media. The authors refer to social-contagion theory (Barsade, 2002) in explain-
ing how the emotional tone of a message affects the engagement of social media followers with a mes-
sage. Following this research, we examine how potential applicants’ engagement with social media
messaging is affected by distinctive message style and an emotional message style.
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2.2.1 Distinctive message style

Distinctiveness has become a core building block of marketing and brand management (e.g., Holt,
2002, 2004; Rossolatos, 2013; Thellefsen and Sgrensen, 2007), stemming from the fields of linguistics
and semiotics (i.e., the study of signs and symbols). Likewise, in recruitment research, a distinct, com-
pany-specific employer image helps differentiate a firm’s employment offering from competing firms
(Dineen and Allen, 2016; Lievens and Slaughter, 2016). In this regard, we define a distinctive message
style as the use of company-specific stylistic elements, language and wording in communicating per-
suasive aspects of firms’ employer image. A distinctive message style speaks to individuals’ cognitive
properties of information processing (Kraichy and Chapman, 2014). Thus, when information about a
firm’s employment offering is communicated in a distinctive style, it may play a key role in increasing
potential applicants’ employer knowledge and affecting their engagement (Uggerslev et al., 2012).

For companies, the conversational nature of social media (especially microblogs, such as Twitter) of-
fers a convenient means for communicating different aspects of a firm’s employment offering
(McFarland and Ployhart, 2015; Swider et al., 2015). Specifically, firms may use social media for
sharing company-specific information that increases employer knowledge and thus develops a distinct
employer image (Gardner et al., 2011). For example, Microsoft shares employee achievements (“Meet
Donna Warton and see how she helped build the Devices Operations Team around #Surface.
Microsoft, 2016)” on their social media accounts. In this way, firms provide insights into daily work-
ing life by sharing employees’ stories. As illustrated in the Microsoft example, promoting an employer
image in a distinct style often may entail using uncommon vocabulary.

Specifically, we expect information expressed in a distinctive, company-specific style (e.g., “How a
sense of humor & focus on social good helps keep #audit professional Paige Hall in balance
#DeloitteCareers (Deloitte, 2016)”) to lead to greater engagement than generic marketing content (e.g.,
“Flexibility + great job > Happy employees! #remotework (Dell, 2016)”). This is because using a
distinctive style provides potential applicants with more meaningful information about an employer
than generic information, and thereby increases their employer knowledge. Consequently, we hypoth-
esize that social media recruitment messaging with a distinctive message style will result in more en-
gagement from potential applicants, compared to a generic message style.

Hyp. 2a: A distinctive message style is positively associated with social media engagement.

2.2.2 Emotional message style

Social contagion theory (Barsade, 2002) suggests that social networks serve as a conduit where infor-
mation is disseminated based on “infectious” characteristics such as emotional tone (i.e., level of emo-
tionality) (McFarland and Ployhart, 2015). Related, we define an emotional message style as the use of
affective elements, language and wording in communicating persuasive aspects of firms’ employer
image. As such, an emotional message style speaks to individuals’ affective properties of information
processing (Kraichy and Chapman, 2014). In the context of recruitment messages, emotions can be
conveyed through employers’ image-building communications. For example, a social media message
may address the anxiety of the job search situation through social media messages, such as “Tip: Con-
nect with recruiters on @linkedin-they love to help! But, #whateveryoudo avoid these #pitfalls” (3M
Careers 2012). Recruitment messages may also send emotionally-appealing company insights, such as
“A little [...] volunteering, a little fun, a lot of #GivingBack. [...] #WeAreCisco” (Cisco Careers
2015).

Past research shows that emotional tone affects which kind of information is spread in social media.
For example, Stieglitz and Dang-Xuan (2013) found that emotionally-evocative political communica-
tion (i.e., information with high levels of either positive or negative sentiment) was shared more
among social media users than political communication that expressed a neutral sentiment. Similarly,
Berger and Milkman (2012) suggest that product advertisement is more successful when it creates
emotional arousal among consumers. They find that both positive and negative sentiment stimulates
information sharing, and thus supports brand building. In product marketing, emotionally-appealing
brands have been shown to create more engagement among brand followers (Thompson, Rindfleisch,
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& Arsel, 2006). In the recruitment context, we hypothesize that content communicated with a high
emotional tone will result in more engagement from potential applicants, compared to content with
low emotional tone.

Hyp. 2b: An emotional message style is positively associated with social media engagement.
2.3 The moderating role of employer image content vs. job ads content

When it comes to using social media for recruitment communications, many firms merely post titles of
job openings (e.g., “senior service engineer wanted””) with a hyperlink to the respective job ad on the
firm’s website. With the limited amount of text available on social media such as Twitter (i.e., limit of
280 characters), posts containing job title vacancies and links to job ads leave little room for original
information or emotionally-appealing messages. In social media, research suggests that to develop a
desirable employer image in candidates’ minds, firms need to create a two-sided conversation between
firms and potential applicants (Lievens and Slaughter, 2016; McFarland and Ployhart, 2015). While a
“job opening” message may be functional, it is not likely to create a meaningful conversation or help
develop a nuanced relationship. To unfold the positive effects of a distinct and emotional message
style, there must be meaningful content where these message styles can be applied. A distinctive or
emotional message should have a stronger effect if it is applied in the context of employer image con-
tent compared to a job ad. Thus, we argue below that the effect of distinctiveness and emotional tone
on social media engagement will be moderated by content type. Specifically, we predict that the ef-
fects of distinctiveness and emotional tone depend on whether message content is simply a job ad
(e.g., a job title and hyperlink to the job ad on the firm’s website) vs. content tailored to shape the em-
ployer image (e.g., insights into the firm’s culture).

First, in terms of distinctive communication style, even distinctive job ad content does not provide po-
tential applicants with much insight about a potential employer. Research shows that job applicants are
interested in employer culture and values, and place even greater emphasis on value congruence than
job characteristics such as pay or location (Cable and Judge, 1996). Given the uncertainty that appli-
cants face during job search, they look for credible, visible signals from employers to make inferences
about less visible organizational attributes (Cable and Judge, 1994; Rynes and Miller, 1983). Thus,
distinctive social media messages that offer novel insights about an employer’s image should generate
greater engagement from potential applicants than distinctive messages about the job listing.

Likewise, we expect that an emotional message style will have a greater effect on potential applicants
when it appears in the context of employer image content rather than job ad messages. This is because
job ad content (e.g., job title or location) is a less appropriate context for emotional tone compared to
informing potential applicants about an employer’s working life (e.g., quotes from the company’s sen-
ior management on their leadership philosophy), employer recognitions (e.g., the company has been
named on Forbes “America’s Best Employers” list), or cultural information (e.g., the company’s stand
on diversity). Conversely, a job ad only draws interest and engagement if it fits a potential applicant’s
job search profiles; otherwise, it is irrelevant (e.g., an engineering vacancy seen by a nurse). There-
fore, even if job ad content contains high levels of emotional tone, potential applicants’ engagement
should not be affected since the vacancy’s relevance does not increase with high emotional tone. For
example, the tweet “Hot, Hot, Hot...VVacancy - Technical Support Agent; Ref: BE CCA2; Alness,
Permanent, £8.00 per hour” may not engage potential applicants more than job ad content with lower
emotional tone (e.g., “Vacancy: Off Grid Mobile Finance Access Advisor: http://...”) if it is irrelevant
to them. Therefore, we argue that content type (i.e., employer image content vs. job ad content) will
moderate the effects of information distinctiveness and emotional tone on potential applicants’ en-
gagement.

Hyp. 2c: The effect of distinctive message style on engagement will be moderated by content type,
such that for employer image content the effect will be more positive than for job ad content.

Hyp. 2d: The effect of emotional message style on engagement will be moderated by content type,
such that for employer image content the effect will be more positive than for job ad content.
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3 Data and Method

3.1 Data collection and sample

In this study, we focused on social media engagement of firms’ employer image messages on the mi-
croblogging platform Twitter. Today, companies post a variety of different HR-related content on
Twitter (e.g., related to recruitment communication, insights into the company, or job openings). For
our data collection, we examined all US Fortune 500 companies that maintain an active (i.e., accounts
with at least 20 tweets) Twitter channel exclusively for HR, recruitment, and employer image man-
agement-related communication. While we acknowledge a potential systematic bias, we argue that
individuals would only follow such dedicated social media channels if they were potentially interested
in employment at the respective firm as these channels are dedicated to provide information for poten-
tial applicants interested in working for the firm. We identified a total of 166 Fortune 500 companies
that maintained an active recruiting-specific Twitter channel (as of September 2015).

Using Twitters’ public API, we downloaded 3,200 tweets per company (which is the maximum that
can be obtained at any one time due to download restrictions imposed by Twitter) resulting in a sam-
ple of tweets that were published on Twitter between September 2008 and October 2015. The large
majority (about 88%) of the tweets in our dataset have been posted on Twitter in 2013 or later. For
each of the 166 Twitter channels in our sample, we collected on average 1,256 tweets per channel (SD
= 1,075 tweets). Following past research using Twitter as a data source (e.g., Lovejoy et al., 2012;
Sprenger et al., 2014; Stieglitz and Dang-Xuan, 2013; Tumasjan et al., 2011; Zhang et al., 2011), we
used “retweets” and “favorites” as measures of social media engagement. Characteristic for our sam-
ple is that only around one quarter (22.16%) of all tweets in our sample were retweeted at least once
and only one fifth (18.78%) of all tweets were favorited by at least one user. Accordingly, the large
majority of a company’s tweets receive very little attention from Twitter users.

3.2 Method

We took several methodological steps to study how tweet content (“what”) and style (“how”) influ-
ence engagement. First, we used a support vector machine learning model for automated text categori-
zation to group the tweets in our sample into recruitment themes. This first step ensured that we only
study content that actually represents employer image management. Second, to extract the “what” and
“how” of firms’ employer image building activities, we used computational text analysis, specifically
the dictionary based classifier “Linguistic Inquiry and Word Count (LIWC)” (Tausczik and
Pennebaker, 2010), which identifies specific psychological characteristics of a given input text. Third,
we used regression analysis to analyze the predictive validity of the “what” and “how” dimension for
candidate engagement. The LIWC dictionary and software (Tausczik and Pennebaker, 2010) has been
applied in a variety of social science research ranging from identifying negative emotional tone in
transcribed interactions between sales personnel and customers (King et al., 2006) to studying agentic
and communal characteristics in letters of recommendation (Madera et al., 2009). LIWC has the ad-
vantage that it has been tested with over 100,000 text files including a large share of tweets, thus
providing validated text analysis results (Pennebaker et al., 2015; Tausczik and Pennebaker, 2010).
LIWC has been used in studies to draw conclusions from tweets (e.g., Pennebaker et al., 2015;
Tumasjan et al., 2011). As described below, we used LIWC to assess both message content (i.e., job-
focused and non-job-focused content) and message style (i.e., emotional and distinctive style).

Job-focused content — To assess the level of job-focused employer image content, we relied on the
LIWC variables work, money, and reward which reflect transactional, job-focused variables (i.e., be-
ing of a primarily economic nature) (Uggerslev et al., 2012).

Non-job-focused content - To assess the level of non-job-focused employer image content that focuses
on personal connections (including outside of work), we relied on the LIWC variables family, friends,
and leisure. These variables reflect personal concerns, social processes, relationships at work, and the
work/non-work interface (Geurts and Demerouti, 2003).
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Distinctive message style — In linguistics, the use of distinctive and unique language is expressed as
the share of words that are rare in common language use (Mollet et al., 2010). Accordingly, lexical
rarity describes how much language is used that is not part of a standard language corpus (Chung and
Nation, 2004; Nation and Kyongho, 1995). Thus, to measure the distinctive style of a tweet, we ana-
lyzed how many words in each tweet was recognized by LIWC. In its 2015 version, LIWC recognized
on average 85.18% of all words in its 100,000 test text files and on average 82.60% of test tweets
(Pennebaker et al., 2015). Thus, LIWC is able to capture a large share of words used in standard (i.e.,
books, newspapers) as well as social media texts (i.e. blog posts or tweets). As a result of these valida-
tion efforts, LIWC provides averages for each linguistic characteristic, permitting comparison of a
given input text against its average. This permits inferences about whether a text’s linguistic character-
istics are typical or atypical.

Emotional message style — We relied on the LIWC variable affect to analyze the percentage of words
in our tweet sample that were related to emotional tone. Measuring emotional tone with textual data
has a long history in LIWC (Tausczik and Pennebaker, 2010). In its 2015 version, LIWC’s dictionary
features a total of 1,393 distinct words that are associated with emotional tone (such as happy, love,
nice, and sweet, or cried, hurt, ugly, and nasty) (Pennebaker et al., 2015).

4 Analysis and results

4.1 Identification of content themes related to employer image building

To identify meaningful content themes in our sample that relate to employer image management, we
followed the process laid out in existing research (Sprenger et al., 2014; Stieglitz and Dang-Xuan,
2012). Thus, the two lead researchers independently, manually analyzed the tweet content of a smaller
subset of tweets (N = 500). We arrived at a total of five content themes, namely Insights, Events, Ad-
vice, Direct interaction, and Job ads. Table 1 contains an overview of the five content themes includ-
ing a short definition as well as an example tweet. As noted above, tweets following the Job ads theme
merely contained job titles and hyperlinks to job openings on the firms’ vacancies website, and thus do
not represent employer image building (see Table 1). Accordingly, job ad tweets were excluded from
the initial analysis (tests of hypotheses 1, 2a, and 2b) to arrive at a sample of tweets that represents
employer image management content. To test Hypotheses 2¢ and 2d, we then examine the moderating
effect of job ad (versus employer image) tweets in the entire sample. Based on these five content
themes, two other trained coders manually classified a set of N = 3,215 tweets. The two coders inde-
pendently classified the same tweets, and results revealed 85.80% agreement on all classification deci-
sions. Following the recommendations by Krippendorff (2004), we calculated Scott’s 7 to be .791,
indicating high interrater reliability. To automatically categorize the remaining (i.e., previously not
manually classified) tweets in our sample, we turned to methods of automated text categorization de-
veloped in the area of computational linguistics (Sebastiani, 2002). Specifically, we used machine
learning techniques that are common for solving text categorization tasks as the one present in our
tweet sample (Joachims, 1998; Sebastiani, 2002). Instead of relying on a predefined set of rules on
how to classify a text according to categories, machine learning follows an inductive approach of au-
tomatically building a text classifier (Liu, 2007; Sebastiani, 2002). Supervised machine learning uses
training data to both automatically learn and test a classification model. Using a machine learning
model optimized to our text categorization task, each of the 213,613 remaining tweets (i.e., tweets of
our sample not used in the pre-study) was assigned to one of the five content themes. For text catego-
rization tasks, a variety of classifiers and learning models have been developed, such as Naive Bayesi-
an text classification or support vector machines (SVM) (Liu, 2007). We relied on a SVM approach.
SVM has also successfully been used to study tweet sentiments (Agarwal et al., 2011), or to identify
predictors of influenza rates based in tweet content (Collier and Doan, 2012). Among supervised ma-
chine learning models, SVM has been frequently reported as the most accurate method for text catego-
rization tasks (Liu, 2007; Moraes et al., 2013). We used SVM to train a linear classifier that uses sta-
tistical learning theory to map text features in high dimensional spaces (a common mathematical trans-
formation used in computational linguistics) and separate these text features in so-called “hyper-
planes” (i.e., a mathematical way of dimension reduction). Using the text features provided for each

_ Twenty-Eighth European Conference on Information Systems (ECIS2020) — A Virtual AIS Conference. 7



Moser et al. / Don’t be so emotional

content category as part of the training set, these hyperplanes are mathematically optimized to achieve
the widest margin between category features to effectively distinguish the features belonging to differ-
ent content categories (Cardoso-Cachopo and Oliveira, 2003; Joachims, 1998; Liu, 2007). We trained
our text categorization classifier with three distinct feature sets, namely the actual content of the tweet,
the hash-tags used in each tweet as well as tweet-specific characteristics (i.e., “Is this tweet a reply to
another tweet?”, “How many users were mentioned in this tweet?”, and “How many URLs did this
tweet contain?”).

Content Definition Example tweet
theme
I . . “At 3M, we believe diverse perspectives are essential to
. Tweets describing work life, achievements, or - . " . : :
Insights emblovee stories of the compan innovation. I'm in. We're all in. Are you in?
ploy pany. #LifeWith3Mm”
Tweets informing followers about meeting “We 're recruiting at @michiganstateu’s Career Gallery!
Events opportunities and company events related to Stop by to learn about opportunities w/Alcoa. #MySpar-
recruitment. tanCareer”
_ Tweets giving general life advice or advice for Startmg a new job can feel z_n_tlmldatmg; _take these tips
Advice otential anplicants for starting out your new position on the right foot!...
P pplicants. hitp:/t.co/SIZEcQVHIr"
Direct inter- Tweets. directly interacting with _followe_rs, &9\ “Toll us: What is the key to a great work and life bal-
- by asking for answers to a question or directly ”
action - . ance? #OurAnthem
responding to followers questions.
P , . “If you are a recent #igraduate with a #computer or #en-
Job ads gwﬁf‘fiﬁmiﬁbﬁgﬁﬁs company’s job openings | incoring degree, take a look at our #design positions:
y gto] ) http.//t.comJNKndIMxn”

Table 1. Description of content themes including example tweets.

In line with other research following a SVM approach (e.g., Cardoso-Cachopo and Oliveira, 2003;
Joachims 1998), the actual tweet text was preprocessed in two steps. First, we applied term frequency—
inverse document frequency (tf-idf) weighting. Term frequency (tf) is a measure of how often a term
appears in a text corpus. Inverse document frequency (idf) increases the weight that rarely-appearing
terms receive in the classifier and decreases the weight of frequently appearing terms in the classifier.
Second, we used latent semantic analysis (LSA) to ensure that terms that appear closer to each other
(e.g., within the same tweet or in tweets of the same category) receive more weight when classifying
our tweet sample than terms that appear further apart (e.g., in tweets of different content categories).
To tune the weight that each of the three feature sets (i.e., tweet content, hash-tags, tweet characteris-
tics) should receive in the classifier we applied a grid search technique. Grid search trains a variety of
classifiers each using different weights for the three feature sets. This process ensures that at the end
the classifier is tuned for best classification performance.

Our classifier was trained using a random selection of 2,668 tweets over all five content categories
(i.e., 80% of the manually classified training sample). In line with prior research, we retained 20% of
the manually classified training data (i.e., 547 tweets) to evaluate the performance of our classifier
using the standard recall, precision and F; measures (Liu, 2007; Moraes et al., 2013; Yang & Liu,
1999). Overall, the averages of all three fit statistics over all five content categories (i.e., recall = .91,
precision = .91, and F; score = .91) indicate a high performance of our classifier in line with other
studies using a SVM approach to classify tweets (e.g., Agarwal et al. 2011; Collier and Doan 2012).
Using our classifier, the tweets were grouped in content theme as follows: Insights = 55,715, Events =
7,576, Advice = 13,129, Job ads = 124,618, and Direct interaction = 12,575 tweets.

4.2 Analysis of content and style as predictors of applicants’ engagement
Table 2 presents means and standard deviations for the number of times tweets have been favorited
and retweeted, and their level of employer image content (i.e., transactional and relational content) and
style (emotional tone and information distinctiveness) grouped by content theme. We used these vari-
ables as predictors in a series of regression analyses to test our hypotheses. Our analyses include sev-
eral control variables. Following past social media research (Stieglitz and Dang-Xuan, 2013), we con-
trol for Tweet characteristics such as text length (i.e., word count), the number of user mentions, hash-
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tags (i.e., attributions to certain topics), as well as the number of URLs (i.e., references to images or
additional information such as job ads). Additionally, we control for Tweets’ level of “netspeak”, a
variable that includes words frequently used in social media such as “thx” (thank you) or “lol” (laugh-
ing out loud) (Pennebaker et al., 2015).

Content themes: Insights Events Advice Dir. interact. Job ads
M SD M SD M SD M SD M SD

Dependent variables
1. # of favorites 1.37 6.44 0.83 6.76 1.06 17.42 0.38 0.86 0.31 171
2. # of retweets 1.43 453 0.98 2.55 1.09 12.39 0.20 0.69 0.38 1.87
Job-focused content
3. Work 6.63 6.44 8.66 5.86 9.54 6.74 4.69 6.18 16.66 8.78
4. Money 1.00 2.63 0.57 1.81 0.47 1.72 0.54 2.08 3.12 4.70
5. Reward 1.52 3.13 1.15 2.57 1.98 3.17 2.99 6.67 0.81 2.25
Non-job-focused cont.
6. Family 0.13 0.99 0.05 0.52 0.06 0.63 0.06 0.71 0.13 0.85
7. Friends 0.24 1.25 0.16 0.88 0.11 0.80 0.25 141 0.14 0.91
8. Leisure 1.48 3.17 0.99 2.29 0.70 2.06 0.98 3.18 0.68 2.04
Communication style
9. Distinctiveness 25.14 16.37 21.62 15.88 18.41 12.76 11.16 16.56 32.59 13.05
10. Emotional tone 4.38 5.49 4.28 4.29 3.92 4.55 12.40 11.66 2.05 3.64
Control variables
11. # of URLS 0.61 0.50 0.36 0.48 0.93 0.39 0.24 0.44 0.98 0.21
12. # of hash tags 0.98 1.15 1.16 1.16 111 1.17 0.31 0.70 2.52 2.00
13. # of user mentions 0.88 1.19 1.18 1.36 0.46 0.63 1.16 0.76 0.06 0.26
14. Tweet word count 19.16 4.86 21.10 4.01 19.92 441 14.98 6.99 18.05 3.88
15. Tweet netspeak 6.87 4.24 3.73 3.44 6.41 3.28 3.70 5.87 6.68 222

Table 2. Means, standard deviation of dependent, independent & control variables per content theme.

Given the count-like nature of a tweet’s favorites and retweets, we used negative-binomial regressions,
following past research analyzing Tweets (e.g., Stieglitz and Dang-Xuan 2013). We report the results
in Table 3. Hypothesis 1a stated that the level of job-focused content in social media employer image
communication has a negative effect on potential applicants’ engagement. Our regression analyses
indicate that content related to work and money decrease the number of times a tweet has been favor-
ited by 1.41% (exp(b) = .9859, p < .001) and 3.66% (exp(b) = .9634, p < .001) respectively. Content
related to work and money also decreased the number of times a tweet has been retweeted by 1.08%
(exp(b) =.9892, p <.001) and 1.13% (exp(b) = .9887, p < .001) respectively. However, contrary to our
expectations, content related to reward increases the number of times a tweet has been favorited by
1.95% (exp(b) = 1.0195, p <.001) as well as the number of times a tweet has been retweeted by 1.52%
(exp(b) = 1.0152, p < .001). Thus, Hypothesis la is partially supported for “work™ and “money”, but
not for “reward”.

Hypothesis 1b stated that the level of non-job-focused content in social media employer image com-
munication has a positive effect on potential applicants’ engagement. Our regression analyses indi-
cates that content related to friends and leisure increases the number of times a tweet has been favor-
ited by 2.5% (exp(b) = 1.0250, p < .001) and 2.34% (exp(b) = 1.0234, p < .001) respectively. Content
related to family did not significantly affect tweets’ number of favorites. Content related to family,
friends and leisure increases the number of times a tweet has been retweeted by 2.17% (exp(b) =
1.0217, p < .05), 1.47% (exp(b) = 1.0147, p < .05), and 2.53% (exp(b) = 1.0253, p < .001) respective-
ly. Thus, Hypothesis 1b is supported.

Hypothesis 2a stated that the distinctiveness of social media employer image content has a positive
effect on potential applicants’ engagement. Our regression analyses indicates that distinctiveness in-
creases the number of times a tweet has been favorited by 1.86% (exp(b) = 1.0186, p < .001) as well as
the number of times a tweet has been retweeted by 0.67% (exp(b) = 1.0067, p < .001). Thus, Hypothe-
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sis 2a is supported. Hypothesis 2b stated that the emotional tone of social media employer image con-
tent has a positive effect on potential applicants’ engagement. However, our regression analyses indi-
cated that emotional tone decreases the number of times a tweet has been favorited by 0.77% (exp(b) =
9923, p <.001) as well as the number of times a tweet has been retweeted by 1.71% (exp(b) = .9829,
p <.001). Thus, Hypothesis 2b is not supported.

Number of favorites Number of retweets
main effects main effects
b SE exp(b) b SE exp(b)
Transactional content
Work -.0142 | *** .00 .9859 -.0109 | **=* .00 .9892
Money -.0373 | *** .00 .9634 -.0114 | *** .00 .9887
Reward 0194 | *** .00 1.0195 .0150 | *** .00 1.0152
Relational content
Family -.0007 .01 .9993 0215 | * .01 1.0217
Friends L0247 | *** .00 1.025 0146 | * .01 1.0147
Leisure 0231 | *** .01 1.0234 .0250 | *** .00 1.0253
Message style
Distinctiveness (cognitive) .0185 | *** .02 1.0186 0067 | *** .00 1.0067
Emotional tone (affective) -.0078 | *** .01 .9923 0173 | *** .00 .9829
Control variables
# of URLs -.5467 | *** .02 .5788 -.5920 | *** .02 .5532
# of hash tags 1798 | *** .01 1.197 2801 | *** .01 1.3233
# of user mentions 3671 | *** .01 6927 - 1174 | #x .01 .8892
Tweet word count .0668 | *** .00 1.0691 0922 | *** .00 1.0966
Tweet Netspeak level 0122 | *** .00 1.0123 0942 | **x .00 1.0988
Constant -1.2197 | *** .05 .2953 -2.1447 | **x .05 1171
Pseudo R? 0.05 0.09
N observations 88,995 74,257
Log likelihood -104,373.10 -95,521.41

Note: b is the estimated coefficient., exp(b) is the exponentiated coefficient, and SE is estimated robust standard errors.
Pseudo R? is Maximum Likelihood R2 * p < .05, ** p < .01, *** p <.001

Table 3. Negative binomial regression of employer image content and style on favorites and retweets.

Hypotheses 2¢ and 2d stated that the effect of a distinct (2¢) and emotional (2d) message style on po-
tential applicants’ engagement will be moderated by content type, such that distinct and emotional
message styles are more predictive of engagement for employer image content than for job ad content.
To test these hypotheses, we dummy-coded tweets of all five content themes into two categories,
namely tweets containing employer image content (i.e., containing all tweets of the themes Insights,
Events, Advice, Direct interaction) and tweets containing job ads. We included this dummy-variable as
a moderator in two negative-binomial regression models predicting favorites and retweets, respective-
ly. These two models included tweets’ emotional tone and distinctive style as well as the interaction
effects with the dummy-coded content categories. Using the indirect method of simple slope testing
(Dawson 2014), results revealed that content type indeed moderates the effect of both distinctiveness
and emotionality on individuals’ engagement. Figure 2 illustrates the interaction plots of our results.
Panels A and B illustrate that the effect of a distinctive message style on potential applicants’ engage-
ment is more positive for employer image content (favorites: 0.83%, exp(b) = 1.0083, p < .001; re-
tweets: 0.82%, exp(b) = 1.0082, p < .001) than for job ads (favorites: -3.10%, exp(b) = .9690, p < .001;
retweets: -2.69%, exp(b) =.9731, p < .001), supporting Hypothesis 2c. This result reveals that the ef-
fect for information distinctiveness is negative when it comes to job ads. Panels C and D illustrate that
the effect of an emotional message style is more negative for employer image content (favorites: -
2.01%, exp(b) = .9799, p < .001; retweets: -3.07%, exp(b) = .9693, p < .001) than for job ads (favor-
ites: 0.09%, exp(b) = 1.0009, p > .10; retweets: -0.45%, exp(b) = .9955, p > .10). These results are in
line with the findings of Hypothesis 2b: increasing levels of emotional tone are negatively related to
potential applicants’ engagement, particularly for employer image content. To examine the robustness
of the results, we analyzed the data with and without the control variables. Results were nearly identi-
cal after controlling for these variables (no significance levels were affected).
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Figure 2. Interaction plots of message styles and engagement variables based on message content

5 Discussion and Conclusion

5.1 Theoretical implications

In this study, we focused on how recruitment and HR tweets affected social media engagement. Based
on psychological contract theory (Rousseau, 2001) and message style research (Kraichy and Chapman,
2014), we show how the content and style of social media messages affect engagement. Based on a
large data collection effort of about 215,000 recruitment-related tweets, our study makes three primary
contributions to the literature. First, our study contributes to the recruitment literature by showing how
message content and style of social media communication are related to potential applicants’ engage-
ment. In terms of content, tweets about work and money have a negative effect on potential applicants’
engagement, whereas tweets about family, friends and leisure increase potential applicants’ engage-
ment. Accordingly, a job-focused recruiting approach, traditionally proposed in the HRM literature
(Lievens, 2007; Turban and Cable, 2003), may hinder engagement with a firm’s employer image
building activities. Building a positive employer image and improving potential applicant engagement
may be achieved better by focusing on relational rather than transactional issues.

Next, this study contributes to the literature by focusing on the message style of firms’ communica-
tion, an area that has been virtually overlooked in recruitment research (but see Kraichy and Chapman,
2014). Conceptually, we integrated research on emotional tone (e.g., Berger and Milkman 2012;
Stieglitz and Dang-Xuan, 2013) with conceptual research on information distinctiveness (Gardner et
al., 2011) to make predictions about how cognitive and affective message styles affect engagement.
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Methodologically, we introduced computational text analysis software to the recruitment domain
(LIWC; Tausczik & Pennebaker, 2010), which allowed us to identify specific psychological character-
istics of recruitment communications. We used supervised machine learning to apply our grounded
classification model, and to categorize a very large sample of recruitment communications. The com-
bination of new conceptual, methodological, and analytical approaches offers important new insights
on the effects of message style in the context of recruitment, and also suggests news ways to answer
research questions about recruitment.

Third, we contribute to the literature on how social media communications help firms build their em-
ployer images, responding to recent calls (Lievens and Slaughter, 2016; McFarland and Ployhart,
2015). We add to this field by identifying five themes of firms’ social media communication: Insights,
Events, Advice, Direct interaction, and Job ads. We argued and showed that job ads (posting job open-
ings via Twitter) are not conceptually equivalent to employer image information, and do not serve
firms’ aim of increasing potential applicants’ engagement. In this vein, results indicate that message
content (i.e., employer image vs. job ad) moderates the effects of message style (i.e., distinctiveness
and emotional tone) on potential applicants’ engagement. Thus, our results show that firms going be-
yond job postings can use social media as a low-cost, instantaneous marketing tool to build employer
knowledge and increase potential applicants’ engagement. Our results also suggest that caution is ad-
vised in social media recruiting: whereas employer image content benefits from higher levels of a dis-
tinctive message style, simple job ad tweets create less engagement when they are overly specific (i.e.,
written in a highly distinctive way). Thus, future research needs to differentiate between types of mes-
sage content on social media when investigating the effect of image-building strategies.

Finally, our results contribute to the literature on viral marketing, which has focused on why certain
social media messages are shared and liked more than others. Past research mainly has relied on social
contagion theory to explain how emotional tone affects the sharing behavior of social media audiences
(McFarland and Ployhart, 2015). In this regard, research has suggested that social media messages are
more likely to be passed on if they emotionally connect with the message recipient (Dobele et al.,
2007; Kaplan and Haenlein, 2011). However, our results revealed a negative effect of emotional tone
on potential applicants for employer image content. Interestingly, emotional tone had no effect on po-
tential applicants’ engagement for job ad content. Thus, a strategy of emotionally-loaded employer
image building decreases engagement for image content but does not affect reactions to job ads. Ap-
parently, the context of employment image changes the way emotionality is interpreted (Yu, 2009),
and future research is needed in this direction.

52 Limitations and Future Work

Despite exclusively focusing on HR and recruitment-related social media accounts in our data collec-
tion, our study is limited in that we cannot be certain of the actual intentions of the followers of these
accounts and the reasons for their engagement with the content posted. Future research, for example
on LinkedIn, will be needed to increase our understanding of potential applicants’ reactions to social
media content. Future work might look at potential interaction effects between work and non-work-
related content. Also, separating emotional tone into its negative and positive components might fur-
ther advance our understanding of the influence of emotional tone on social media engagement.

In conclusion, we develop a theoretical frame to study the “what” and “how” of firms’ recruitment
communication in a social media context. As such, we contributed to a call for research (Benthaus et
al., 2016) to further advancing organizational impression management strategies in the context of re-
cruiting. We find that potential applicants’ engagement, expressed through social media actions of lik-
ing and sharing, are related to message content (i.e., job-focused vs. non-job-focused) as well as to
message style (i.e., emotional tone and distinctiveness). We hope that our study stimulates further re-
search on employer image building using social media, and its influence on applicant attraction.

_ Twenty-Eighth European Conference on Information Systems (ECIS2020) — A Virtual AIS Conference. 12



Moser et al. / Don’t be so emotional

References
3M Careers (2012) Tip: Connect with recruiters on @linkedin-they love to help! But, #whateveryoudo
avoid these #pitfalls, Twitter. Available at:

https://twitter.com/3MCareers/status/258192645480919040 (Accessed: 8 March 2016).

Agarwal, A. et al. (2011) ‘Sentiment analysis of Twitter data’, in Proceedings of the Workshop on
Languages in Social Media. Stroudsburg, PA, USA: Association for Computational Linguistics
(LSM ’11), pp. 30-38.

Aggerholm, H. K. and Andersen, S. E. (2018) ‘Social Media Recruitment 3.0°, Journal of
Communication Management, 22(2), pp. 122-137. doi: 10.1108/JCOM-11-2017-0131.

Backhaus, K. and Tikoo, S. (2004) ‘Conceptualizing and researching employer branding’, Career
Development International, 9(5), pp. 501-517. doi: 10.1108/13620430410550754.

Barber, A. E. (1998) Recruiting employees: Individual and organizational perspectives. Thousand
Oaks, CA (USA): Sage Publications.

Barsade, S. G. (2002) ‘The Ripple Effect: Emotional Contagion and Its Influence on Group Behavior’,
Administrative Science Quarterly, 47(4), p. 644. doi: 10.2307/3094912.

Benthaus, J., Risius, M. and Beck, R. (2016). ‘Social Media Management Strategies for
Organizational Impression Management and Their Effect on Public Perception’, The Journal of
Strategic Information Systems 25(2), pp. 127-139. doi: 10.1016/j.jsis.2015.12.001.

Berger, J. and Milkman, K. L. (2012) ‘What Makes Online Content Viral?’, Journal of Marketing
Research, 49(2), pp. 192-205. doi: 10.1509/jmr.10.0353.

Cable, D. M. and Judge, T. A. (1994) ‘Pay preferences and job search decisions: a person-organization
fit perspective’, Personnel Psychology, 47(2), pp. 317-348. doi: 10.1111/j.1744-
6570.1994.tb01727.x.

Cable, D. M. and Judge, T. A. (1996) ‘Person—Organization Fit, Job Choice Decisions, and
Organizational Entry’, Organizational Behavior and Human Decision Processes, 67(3), pp. 294—
311. doi: http://dx.doi.org/10.1006/0bhd.1996.0081.

Cardoso-Cachopo, A. and Oliveira, A. L. (2003) ‘An empirical comparison of text categorization
methods’, in Nascimento, M. A., Moura, E. S. de, and Oliveira, A. L. (eds) Proceedings of the 10th
International Symposium, SPIRE 2003, Manaus, Brazil, October 8-10, 2003. Manaus, Brazil:
Springer, pp. 183-196. doi: 10.1007/978-3-540-39984-1 14.

Carpentier, M. et al. (2017) ‘Recruiting nurses through social media: Effects on employer brand and
attractiveness’, Journal of Advanced Nursing, 73(11), pp. 2696-2708. doi: 10.1111/jan.13336.

Chalofsky, N. (2003) ‘An emerging construct for meaningful work’, Human Resource Development
International, 6(1), pp. 69-83. doi: 10.1080/1367886022000016785.

Chandler, G. N., Honig, B. and Wiklund, J. (2005) ‘Antecedents, moderators, and performance
consequences of membership change in new venture teams’, Journal of Business Venturing, 20(5),
pp. 705-725. doi: 10.1016/j.jbusvent.2004.09.001.

Cheung, C. M. K. and Thadani, D. R. (2012) ‘The impact of electronic word-of-mouth
communication: A literature analysis and integrative model’, Decision Support Systems, 54(1), pp.
461-470. doi: 10.1016/j.dss.2012.06.008.

Chui, M. et al. (2012) The social economy: Unlocking value and productivity through social
technologies. Available at: http://www.mckinsey.com/industries/high-tech/our-insights/the-social-
economy (Accessed: 3 October 2017).

Chung, T. M. and Nation, P. (2004) ‘Identifying technical vocabulary’, System, 32(2), pp. 251-263.
doi: 10.1016/j.system.2003.11.008.

Cisco Careers (2015) A little @Habitat_org volunteering, a little fun, a lot of #GivingBack. (via
@satyachhabra) #WeAreCisco, Twitter. Available at:
https://twitter.com/WeAreCisco/status/650354628761137152 (Accessed: 8 March 2016).

Cober, R. T. et al. (2003) ‘Organizational web sites: Web site content and style as determinants of
organizational attraction’, International Journal of Selection and Assessment, 11(2-3), pp. 158-
169. doi: 10.1111/1468-2389.00239.

_ Twenty-Eighth European Conference on Information Systems (ECIS2020) — A Virtual AIS Conference. 13



Moser et al. / Don’t be so emotional

Collier, N. and Doan, S. (2012) ‘Syndromic classification of Twitter messages’, in Kostkova, P.,
Szomszor, M., and Fowler, D. (eds) Proceedings of the 4th International Conference, eHealth
2011, Malaga, Spain, November 21-23, 2011. Springer, pp. 186-195. doi: 10.1007/978-3-642-
29262-0_27.

Collins, C. J. and Kanar, A. M. (2013) ‘Employer brand equity and recruitment research’, in Yu, K. Y.
T. and Cable, D. M. (eds) The Oxford Handbook of Recruitment. New York: Oxford University
Press, pp. 284-297.

Dabirian, A., Kietzmann, J. and Diba, H. (2017) ‘A great place to work!? Understanding
crowdsourced employer branding’, Business Horizons, 60(2), pp. 197-205. doi:
10.1016/j.bushor.2016.11.005.

Dawson, J. F. (2014) ‘Moderation in Management Research: What, Why, When, and How’, Journal of
Business and Psychology, 29(1), pp. 1-19. doi: 10.1007/s10869-013-9308-7.

Dell (2016) Flexibility + great job = Happy employees! #remotework, Twitter. Available at:
https://twitter.com/CareersAtDell/status/692698859995283456 (Accessed: 8 March 2016).

Deloitte (2016) How a sense of humor & focus on social good helps keep #audit professional Paige
Hall in balance #DeloitteCareers, Twitter. Available at:
https://twitter.com/lifeatdeloitte/status/702162753524523009 (Accessed: 8 March 2016).

Dineen, B. R. and Allen, D. G. (2016) ‘Third party employment branding: Human capital inflows and
outflows following “Best Places to Work™ certifications’, Academy of Management Journal, 59(1),
pp. 90-112. doi: 10.5465/am;j.2013.1091.

Dobele, A. et al. (2007) “Why pass on viral messages? Because they connect emotionally’, Business
Horizons, 50(4), pp. 291-304. doi: 10.1016/j.bushor.2007.01.004.

Edwards, M. R. (2010) ‘An integrative review of employer branding and OB theory’, Personnel
Review, 39(1), pp. 5-23. doi: 10.1108/00483481011012809.

Felix, R., Rauschnabel, P. A. and Hinsch, C. (2017) ‘Elements of strategic social media marketing: A
holistic ~ framework’, Journal of Business Research, 70, pp. 118-126. doi:
10.1016/j.jbusres.2016.05.001.

Gardner, T. M., Erhardt, N. L. and Martin-Rios, C. (2011) ‘Rebranding Employment Branding:
Establishing a New Research Agenda to Explore the Attributes, Antecedents, and Consequences of
Workers” Employment Brand Knowledge’, in Joshi, A., Liao, H., and Martocchio, J. J. (eds)
Research in Personnel and Human Resources Management. Volume 30. Bingley: Emerald Group
Publishing (Research in Personnel and Human Resources Management), pp. 253-304. doi:
10.1108/S0742-7301(2011)0000030008.

George, G., Haas, M. R. and Pentland, A. (2014) ‘Big Data and Management’, Academy of
Management Journal, 57(2), pp. 321-326. doi: 10.5465/amj.2014.4002.

Geurts, S. A. E. and Demerouti, E. (2003) ‘Work/Non-Work Interface: A Review of Theories and
Findings’, in Schabracq, M. J., Winnubst, J. A. M., and Cooper, C. L. (eds) The Handbook of Work
and Health Psychology. second edi. Chichester (UK): John Wiley & Sons, pp. 279-312.

Goh, K.-Y., Heng, C.-S. and Lin, Z. (2013) ‘Social Media Brand Community and Consumer Behavior:
Quantifying the Relative Impact of User- and Marketer-Generated Content’, Information Systems
Research 24(1), pp. 88-107. doi: 10.1287/isre.1120.0469.

Greenhaus, J. H. and Powell, G. N. (2003) ‘When work and family collide: Deciding between
competing role demands’, Organizational Behavior and Human Decision Processes, 90(2), pp.
291-303. doi: 10.1016/S0749-5978(02)00519-8.

Highhouse, S., Thornbury, E. E. and Little, I. S. (2007) ‘Social-identity functions of attraction to
organizations’, Organizational Behavior and Human Decision Processes, 103(1), pp. 134-146.
doi: 10.1016/j.0bhdp.2006.01.001.

Hogg, M. A. and Terry, D. J. (2000) ‘Social Identity and Self-Categorization Processes in
Organizational Contexts’, Academy of Management Review, 25(1), pp. 121-140. doi:
10.5465/AMR.2000.2791606.

Hollebeek, L. D., Glynn, M. S. and Brodie, R. J. (2014) ‘Consumer Brand Engagement in Social
Media: Conceptualization, Scale Development and Validation’, Journal of Interactive Marketing,
28(2), pp. 149-165. doi: 10.1016/j.intmar.2013.12.002.

Holt, D. B. (2002) “Why Do Brands Cause Trouble? A Dialectical Theory of Consumer Culture and
Branding’, Journal of Consumer Research, 29(1), pp. 70-90. doi: 10.1086/339922.

_ Twenty-Eighth European Conference on Information Systems (ECIS2020) — A Virtual AIS Conference. 14



Moser et al. / Don’t be so emotional

Holt, D. B. (2004) How Brands Become Icons: The Principles of Cultural Branding. Boston, MA
(USA): Harvard Business Press.

Hyvérinen, Hissu and Beck, Roman, (2019). ‘Fear and loating in Boston: the roles of different
emotions in information sharing on social media following a terror attack’. In: Proceedings of the
27th European Conference on Information Systems (ECIS), Stockholm & Uppsala, Sweden.

Ilies, R., Keeney, J. and Scott, B. A. (2011) ‘Work—family interpersonal capitalization: Sharing
positive work events at home’, Organizational Behavior and Human Decision Processes, 114(2),
pp. 115-126. doi: 10.1016/j.0bhdp.2010.10.008.

Jeske, D. and Shultz, K. S. (2016) ‘Using social media content for screening in recruitment and
selection: pros and cons’, Work, Employment and Society, 30(3), pp. 535-546. doi:
10.1177/0950017015613746.

Joachims, T. (1998) ‘Text categorization with Support Vector Machines: Learning with many relevant
features’, in Nédellec, C. and Rouveirol, C. (eds) Proceedics of the 10th European Conference on
Machine Learning on April 21-23, 1998. Chemnitz, Germany: Springer, pp. 137-142. doi:
10.1007/BFb0026683.

Kahn, W. A. (1990) ‘Psychological Conditions of Personal Engagement and Disengagement at Work’,
Academy of Management Journal, 33(4), pp. 692—724. doi: 10.2307/256287.

Kaplan, A. M. and Haenlein, M. (2011) ‘Two hearts in three-quarter time: How to waltz the social
media/viral ~ marketing  dance’,  Business  Horizons, 54(3), pp. 253-263. doi:
10.1016/j.bushor.2011.01.006.

Keller, K. L. (2009) ‘Building strong brands in a modern marketing communications environment’,
Journal of Marketing Communications, 15(2-3), pp. 139-155. doi: 10.1080/13527260902757530.

Keller, K. L., Sternthal, B. and Tybout, A. (2002) ‘Three questions that you need to ask about your
brand’, Harvard Business Review, 80(9), pp. 80—89.

King, E. B. et al. (2006) ‘The stigma of obesity in customer service: A mechanism for remediation and
bottom-line consequences of interpersonal discrimination.’, Journal of Applied Psychology, 91(3),
pp. 579-593. doi: 10.1037/0021-9010.91.3.579.

van Knippenberg, D. et al. (2015) ‘Information, Attention, and Decision Making’, Academy of
Management Journal, 58(3), pp. 649-657. doi: 10.5465/amj.2015.4003.

Koloc, N. (2013) What Job Candidates Really Want: Meaningful Work, Harvard Business Review.
Available at: https://hbr.org/2013/04/what-job-candidates-really-wan (Accessed: 4 April 2017).

Kraichy, D. and Chapman, D. S. (2014) ‘Tailoring Web-Based Recruiting Messages: Individual
Differences in the Persuasiveness of Affective and Cognitive Messages’, Journal of Business and
Psychology, 29(2), pp. 253-268. doi: 10.1007/s10869-013-9311-z.

Krippendorff, K. (2004) ‘Reliability in content analysis’, Human Communication Research, 30(3), pp.
411-433. doi: 10.1111/j.1468-2958.2004.tb00738.xX.

Landers, R. N. and Schmidt, G. B. (2016) Social Media in Employee Selection and Recruitment.
Cham: Springer International Publishing.

Lawler, E. J., Thye, S. R. and Yoon, J. (2009) Social Commitments in a Depersonalized World. New
York: Russell Sage Foundation.

Leonardi, P. M. and Vaast, E. (2017) ‘Social Media and Their Affordances for Organizing: A Review
and Agenda for Research’, Academy of Management Annals, 11(1), pp. 150-188. doi:
10.5465/annals.2015.0144.

Lepisto, D. A. and Pratt, M. G. (2017) ‘Meaningful work as realization and justification’,
Organizational Psychology Review, 7(2), pp. 99-121. doi: 10.1177/2041386616630039.

Lievens, F. (2007) ‘Employer branding in the Belgian Army: The importance of instrumental and
symbolic beliefs for potential applicants, actual applicants, and military employees’, Human
Resource Management, 46(1), pp. 51-69. doi: 10.1002/hrm.20145.

Lievens, F. and Slaughter, J. E. (2016) ‘Employer Image and Employer Branding: What We Know
and What We Need to Know’, Annual Review of Organizational Psychology and Organizational
Behavior. Annual Reviews, 3(1), pp. 407-440. doi: 10.1146/annurev-orgpsych-041015-062501.

Liu, B. (2007) Web data mining: exploring hyperlinks, contents, and usage data. New York: Springer.

Lovejoy, K., Waters, R. D. and Saxton, G. D. (2012) ‘Engaging stakeholders through Twitter: How
nonprofit organizations are getting more out of 140 characters or less’, Public Relations Review,
38(2), pp. 313-318. doi: 10.1016/j.pubrev.2012.01.005.

_ Twenty-Eighth European Conference on Information Systems (ECIS2020) — A Virtual AIS Conference. 15



Moser et al. / Don’t be so emotional

Madera, J. M., Hebl, M. R. and Martin, R. C. (2009) ‘Gender and letters of recommendation for
academia: Agentic and communal differences.’, Journal of Applied Psychology, 94(6), pp. 1591-
1599. doi: 10.1037/a0016539.

Mai, K. M. et al. (2016) ‘Examining the effects of turnover intentions on organizational citizenship
behaviors and deviance behaviors: A psychological contract approach.’, Journal of Applied
Psychology, 101(8), pp. 1067-1081. doi: 10.1037/apl0000115.

Malhotra, A., Malhotra, C. K. and See, A. (2012) ‘How to Get your Messages Retweeted’, MIT Sloan
Management Review, 53(2), pp. 61-66.

Malhotra, A., Malhotra, C. K. and See, A. (2013) ‘How to Create Brand Engagement on Facebook’,
MIT Sloan Management Review, 54(2), pp. 18-20.

McFarland, L. A. and Ployhart, R. E. (2015) ‘Social media: A contextual framework to guide research
and practice.’, Journal of Applied Psychology, 100(6), pp. 1653-1677. doi: 10.1037/a0039244.

McQuail, D. and Windahl, S. (1993) Communication Models for the Study of Mass Communications.
New York, NY: Routledge.

Microsoft (2016) Meet Donna Warton and see how she helped build the Devices Operations Team
around #Surface, Twitter. Available at:
https://twitter.com/MicrosoftJobs/status/704696449737605120 (Accessed: 8 March 2016).

Mollet, E. et al. (2010) ‘Choosing the best tools for comparative analyses of texts’, International
Journal of Corpus Linguistics, 15(4), pp. 429-473. doi: 10.1075/ijcl.15.4.01mol.

Moraes, R., Valiati, J. F. and Gavido Neto, W. P. (2013) ‘Document-level sentiment classification: An
empirical comparison between SVM and ANN’, Expert Systems with Applications, 40(2), pp. 621—
633. doi: 10.1016/j.eswa.2012.07.059.

Morrison, S. and Crane, F. G. (2007) ‘Building the service brand by creating and managing an
emotional brand experience’, Journal of Brand Management, 14(5), pp. 410-421. doi:
10.1057/palgrave.bm.2550080.

Mossholder, K. W., Richardson, H. A. and Settoon, R. P. (2011) ‘Human Resource Systems and
Helping in Organizations: A Relational Perspective’, Academy of Management Review, 36(1), pp.
33-52. doi: 10.5465/amr.2009.0402.

Nation, P. and Kyongho, H. (1995) ‘Where would general service vocabulary stop and special
purposes vocabulary begin?’, System, 23(1), pp. 35-41. doi: 10.1016/0346-251X(94)00050-G.

Nolan, K. P. et al. (2013) ‘Examining How Corporations Use Online Job Ads to Communicate
Employer Brand Image Information’, Corporate Reputation Review, 16(4), pp. 300-312. doi:
10.1057/crr.2013.19.

Pennebaker, J. W. et al. (2015) The development and psychometric properties of LIWC2015. Austin,
TX. doi: 10.15781/T29G6Z.

Petty, R. E. and Cacioppo, J. T. (1986) Communication and Persuasion, Communication and
Persuasion. New York, NY: Springer. doi: 10.1007/978-1-4612-4964-1.

Pitt, C. S. et al. (2018) ‘Employee brand engagement on social media: Managing optimism and
commonality’, Business Horizons, 61(4), pp. 635-642. doi: 10.1016/j.bushor.2018.04.001.

Risius, M. and Akolk, F. (2015) ‘Differentiated Sentiment Analysis of Corporate Social Media
Accounts’. In: Proceedings of the 21st American Conference on Information Systems (AMCIS
2015), Fajardo, Puerto Rico.

Risius, M., and Beck, R. (2015). ‘Effectiveness of Corporate Social Media Activities in Increasing
Relational Outcomes’ Information & Management 52 (7), pp. 824-839. doi:
10.1016/j.im.2015.06.004.

Rossolatos, G. (2013) ‘An Anatomy of the Verbo-Visual Rhetorical Landscape of the World’s Most
Valuable Brands’, International Journal of Marketing Semiotics, 1, pp. 73-125. doi:
10.2139/ssrn.22518109.

Rousseau, D. M. (1990) ‘New hire perceptions of their own and their employer’s obligations: A study
of psychological contracts’, Journal of Organizational Behavior, 11(5), pp. 389-400. doi:
10.1002/job.4030110506.

Rousseau, D. M. (2001) ‘Schema, promise and mutuality: The building blocks of the psychological
contract’, Journal of Occupational and Organizational Psychology, 74(4), pp. 511-541. doi:
10.1348/096317901167505.

_ Twenty-Eighth European Conference on Information Systems (ECIS2020) — A Virtual AIS Conference. 16



Moser et al. / Don’t be so emotional

Ryan, A. M. (2012) ‘Applicant-organization relationship and employee-organization relationship:
What is the connection?’, in Shore, L. M., Coyle-Shapiro, J. A.-M., and Tetrick, L. E. (eds) The
employee-organization relationship. New York, NY (USA): Routledge, pp. 363-389.

Rynes, S. L. and Miller, H. E. (1983) ‘Recruiter and job influences on candidates for employment’,
Journal of Applied Psychology, 68(1), pp. 147-154. doi: 10.1037/0021-9010.68.1.147.

Sebastiani, F. (2002) ‘Machine learning in automated text categorization’, ACM Computing Surveys,
34(1), pp. 1-47. doi: 10.1145/505282.505283.

Sprenger, T. O. et al. (2014) ‘News or noise? Using Twitter to identify and understand company-
specific news flow’, Journal of Business Finance & Accounting, 41(7-8), pp. 791-830. doi:
10.1111/jbfa.12086.

Stieglitz, S. and Dang-Xuan, L. (2012) ‘Political Communication and Influence through
Microblogging--An Empirical Analysis of Sentiment in Twitter Messages and Retweet Behavior’,
in 2012 45th Hawaii International Conference on System Sciences. IEEE, pp. 3500-3509. doi:
10.1109/HICSS.2012.476.

Stieglitz, S. and Dang-Xuan, L. (2013) ‘Emotions and Information Diffusion in Social Media—
Sentiment of Microblogs and Sharing Behavior’, Journal of Management Information Systems,
29(4), pp. 217-248. doi: 10.2753/MI1S0742-1222290408.

Swider, B. W., Zimmerman, R. D. and Barrick, M. R. (2015) ‘Searching for the right fit: Development
of applicant person-organization fit perceptions during the recruitment process.”, Journal of
Applied Psychology, 100(3), pp. 880-893. doi: 10.1037/a0038357.

Tausczik, Y. R. and Pennebaker, J. W. (2010) ‘The Psychological Meaning of Words: LIWC and
Computerized Text Analysis Methods’, Journal of Language and Social Psychology, 29(1), pp.
24-54. doi: 10.1177/0261927X09351676.

Thellefsen, T. and Serensen, A. C. (2007) ‘A Semiotic Note on Branding’, Cybernetics & Human
Knowing, 14(4), pp. 59-69.

Thompson, C. J., Rindfleisch, A. and Arsel, Z. (2006) ‘Emotional Branding and the Strategic Value of
the Doppelgdnger Brand Image’, Journal of Marketing, 70(1), pp. 50-64. doi:
10.1509/jmkg.2006.70.1.50.

Thompson, J. A. and Bunderson, J. S. (2003) ‘Violoations of principle: ideological currency in the
psychological contract’, Academy of Management Review, 28(4), pp. 571-586. doi:
10.5465/AMR.2003.10899381.

Tumasjan, A. et al. (2011) “Election forecasts with Twitter: How 140 characters reflect the political
landscape’,  Social ~ Science  Computer  Review,  29(4), pp. 402-418. doi:
10.1177/0894439310386557.

Turban, D. B. and Cable, D. M. (2003) ‘Firm reputation and applicant pool characteristics’, Journal of
Organizational Behavior, 24(6), pp. 733-751. doi: 10.1002/job.215.

Uggerslev, K. L., Fassina, N. E. and Kraichy, D. (2012) ‘Recruiting through the stages: A meta-
analytic test of predictors of applicant attraction at different stages of the recruiting process’,
Personnel Psychology. Chapman, Derek S., Department of Psychology, University of Calgary,
Calgary, AB, Canada, T2N 1N4, dchapman@ucalgary.ca: American Psychological Association,
65(3), pp. 597-660. doi: 10.1111/j.1744-6570.2012.01254 .

Yang, Y. and Liu, X. (1999) ‘A re-examination of text categorization methods’, in Proceedings of the
22nd annual international ACM SIGIR conference on Research and development in information
retrieval - SIGIR °’99. New York, New York, USA: ACM Press, pp. 42-49. doi:
10.1145/312624.312647.

Yu, K. Y. T. (2009) ‘Affective influences in person—environment fit theory: Exploring the role of
affect as both cause and outcome of P-E fit.”, Journal of Applied Psychology, 94(5), pp. 1210-
1226. doi: 10.1037/a0016403.

Yu, K. Y. T. (2014) ‘Person—organization fit effects on organizational attraction: A test of an
expectations-based model’, Organizational Behavior and Human Decision Processes, 124(1), pp.
75-94. doi: 10.1016/j.0bhdp.2013.12.005.

Zhang, M., Jansen, B. J. and Chowdhury, A. (2011) ‘Business engagement on Twitter: a path
analysis’, Electronic Markets, 21(3), pp. 161-175. doi: 10.1007/s12525-011-0065-z.

_ Twenty-Eighth European Conference on Information Systems (ECIS2020) — A Virtual AIS Conference. 17



	Don't be so emotional: How social media communication affects potential applicants' engagement
	Recommended Citation

	tmp.1589406123.pdf.4PNQH

